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A Study on life Prediction of Railway Safety Equipment Using Bayesian Method
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Abstract Equipment and systems that make up the various electrical, electronic, mechanical parts, it is
important to evaluate the reliability of the failure rate. Point machine in the railway signal is route change
an important part of railway components. The train is traveling at a high speed derailment and safety
issues affect the on-time service. Point machine in the detector close to the high failure rate is based on
failure data non-informative prior distribution and prior distribution by comparison. The posterior
distribution using Bayesian techniques to predict the lifetime of equipment.
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Fig. 1 Adherence Detector
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Fig. 2 Reliablhty functions and Probability plot with 95% confidence interval
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Fig. 3 MLE and Bayesian Prior distribution
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